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| ABSTRACT

Al is being rapidly adopted across the banking industry and is expected to drive significant improvements in operational
efficiency, customer service, risk assessment and new product offerings. But this shift raises a number of ethical and legal
challenges, which are rarely accounted for at a worldwide level. This paper examines some important considerations in the
application of Al in banking: algorithmic bias and fairness; transparency and explainability; data privacy and consent;
accountability and liability; system risk and stability; cross border regulatory fragmentation; governance of 3rd party Al provider/
vendor. Based on global regulatory canvassings and market summaries (e.g., the Financial Stability Board's surveil of adoption of
Al), and via a comparison of the strategies pursued by leading jurisdictions (e.g., EU’s Artificial Intelligence Act), it shows that
although they are leveraged across financial institutions for tasks such as credit underwriting, fraud detection, or customer
interface handling, self-learning algorithms do often face lackluster new supervision frameworks, black-box model behavior and
inconsistent supervisory expectations. Classifying, evaluating and mitigating risks The analysis reveals ethical (e.g. unfair
discrimination, hacking of customer data), social (e.g., impact upon employment) and regulatory (compliance failure, operational
hazard) risks are highly interconnected: for example, in some cases, regulatory complexity can slow innovation by up to 35%. In
conclusion, this world-wide perspective reveals that adopting Al in a responsible way from the standpoint of bank regulation
requires an approach rich in diversity — involving solid governance systems, transparency of stakeholders, ongoing monitoring,
cross -border regulatory co-ordination and an ethics by design frame work to see their return from Al without undermining
trust, consumer protection or financial stability.
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1. Introduction

The banking industry is experiencing a significant transformation, mainly due to digitalization and the greater utilization of
artificial intelligence (Al). Banks are known for being adopters of technology (Lazo &Ebardo, 2023); an assertion that is well
supported by the facts; right from telegraph and cable based clearing which was a major technological innovation at some
point, to magnetic strip cards, mainframe computing and onto internet banking as well as mobile baking. ResearchGate Today,
Al is referred to as the next chapter in banking operations, and it presents significant prospects in customer service automation,
credit risk evaluation, fraud detection system, anti money laundering (AML) systems and predictive analytics .

But as banks roll out Al-enabled systems, the reward of efficiency and innovation goes hand in hand with greater risks from
both an ethical and a regulatory perspective. Ethical concerns from algorithmic bias (evidencing fair discrimination), non-
transparency or un-explainability of automated decisions, risk to data privacy and consent and loss of customer trust has been
reported . RROIJ+3Dialnet+3Scalefocus+3 On the regulatory side, the challenges are equally daunting: The regulations are often
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not consistent across jurisdictions; questions of responsibility and liability in Al decision-making remain open; and systemic risks
might emerge if a large number of institutions use similar Al/ML models via same data providers .

This is also because of the centrality of banks to financial stability and the wider economy that the use of Al raises macro
prudential issues — not just firm level ones. For instance, as the Financial Stability Board and individual national regulators have
highlighted, these trends could reinforce interconnectedness risks across banks and markets by other means (e.g. concentration
of vendors; models being in use elsewhere; obscurity of systems; uniform data sets). Reuters+1 From a global perspective,
regulation is becoming a reality: i.e., the Artifical Intelligence Act in the EU is one of the earliest holistic regulatory frameworks.
Wikipedia

A more detailed and systematic exploration of ethical, legal, and regulatory problems seems appropriate in this context.
Previous literature reviews on Al adoption in banking suggest that while some studies have been done on drivers and barriers at
the bank and customer levels, there is limited insight from the regulator's perspective or global governance (Lazo &Ebardo,
2023). Other recent works also consider ethical challenges and interventions, yet they typically specialise on specific contexts
(e.g., customer facing chatbots) at best or single jurisdictions (Ethical Al in Banking.

Thus, this paper aims to investigate the ethical and regulatory issues raised by Al deployment in banking at the global level and
to pose questions such as:

«  What are the key ethical challenges and legal barriers for Al in banking?

«  What are some differences in challenges between key jurisdictions and within global regulatory frameworks?

«  What types of governance architectures or institutional responses have developed (or should develop) to support
responsible adoption of Al in banking?

Via these questions, the paper seeks to fill important voids within the literature, including amalgamation of ethical and relevant
regulatory risks and raising a global discussion rather than simply showcasing a localised case. The urgency of this contribution
can be found in the rapidly growing adoption of Al in banking, and potential implications for fairness, consumer protection,
operational resilience and systemic stability.

The remainder of this Introduction is organized as follows. We begin by placing Al adoption within the context of banking and
identifying important use cases. Second, we discuss ethical considerations and regulatory challenges separately prior to drawing
attention to this relationship (i.e., the way in which a lack of ethically driven behaviour explains regulatory risk, and vice versa).
Thirdly, we consider the worldwide regulatory environment and inter-jurisdictional discord (including convergence,
harmonisation and new regimes). We conclude by and defining the focus of our study—secondary data sources, qualitative
thematic synthesis methodology employed and scope limitations of our global approach.

Use case context & significance

Al in banking includes a variety of tasks such as automated credit scoring, chatbots and virtual agents, AML/fraud detection,
algorithmic trading, and risk management. Such applications allow banks to: process vast amounts of data, make real-time
predictions, personalise experiences and lower cost structures . Scalefocus+1 As powerful as these capabilities are and add the
competitive edge, they also present ethical and regulatory challenges — particularly in an industry that is based on fiduciary duty,
high level of trust with customers, and one of the most regulated industries.

Ethical concerns
Some of the key ethical concerns identified in the literature are:

« Algorithmic bias and fairness: Al models learned based on historical data may propagate systemic biases resulting in
unfair consequences .

« Transparency and “explainability”: Numerous machine learning systems are “black boxes”, which challenges banks,
customers or regulators to understand decision making — leading to a lack of trust and accountability.

« Data privacy and consent: Al is becoming more data driven, raising concern over issues of informed consent, security
of data, anonymisation of data and secondary use .

Page | 2



FCSAI 2(2): 01-14

«  Accountability, human oversight: It's unclear who should be held accountable when an Al system does something
harmful or takes the wrong action — banks, developers or model vendors? (Koénigstorfer & Thalmann, 2020 in Lazo
&Ebardo, 2023). ResearchGate

- Trust and the legitimacy of banks: In cases where customers view as Al decisions as unfair or opaque, banks’ legitimacy
can be threatened and regulatory attention attracted .

Regulatory and governance challenges
Regulatory aspects to be considered are:

- Fragmentation/Risk of divergence in regulation Several jurisdictions have different definitions, frameworks and
enforcement profiles concerning Al and data protection, thereby causing complexity to industry with the consequence
of cross border banks.

»  Model/benchmark risk and vendor concentration: There is a possibility of systemic risk if multiple banks rely on
common Al models or have similar vendors .

*  Uncertainty about liability and control: The current legal system is not fully prepared to rule over Al derived decisions
and automated systems (IJSRA, 2023). IJSRA

«  Governance and oversight expertise: Many banks and regulators do not have the internal expertise to understand Al
ethics, risk management and model governance .

« New over regulation: Emerging legislation, such as the EU Artificial Intelligence Act and other proposals suggest a
stricter regulatory environment is on its way, banks will have to balance innovation with compliance.

Interplay of ethics and regulation

Crucially, ethical risks and regulatory risks are highly interconnected. Biased, unfair or black-boxed Al decisions (ethical risk) may
be the source of regulatory enforcements actions, lawsuits or reputational damage (regulatory risk). On the other hand,
investment in generating innovation might be stalled by uncertainty, or lead to overly conservative adoption strategies that
reduce advantages the bank could expect Ince and Gao, 2008.

Global perspective rationale

A global perspective is necessary because banks are active across borders, and Al systems can be used worldwide. The size and
pace of regulatory response varies widely between jurisdictions (North America, Europe, Asia) and among different attitudes
about how to regulate. A comparative, multi-national approach therefore aids in finding common issues, different approaches
and possible pathways toward harmonisation or global standards.

This article undertakes a qualitative, secondary-data approach, comprising an analysis of the academic literature, regulatory
reports and industry white papers as well as parallel jurisdictional frameworks through. It highlights the ethical and regulatory
quandaries (versus only the technical components of Al). Although the global view will be wide-ranging in scope, attention is
concentrated on major banking jurisdictions and globally relevant frameworks; detailed case studies at a country level are also
alluded to as and where appropriate but are not central.

2. Literature Review
2.1 Adoption of Al in Banking -Benefits, Drivers and Domains

Over the past several years, banks have been rapidly adopting artificial intelligence (Al) as part of their digital transformation
journey, with benefits to efficiency, risk management and customer service. Implicit Al, on the other hand, is conceived in a
broad sense as systems that see their world, give it meaning and act on it (Lazo &Ebardo 2023). A recent study by Gyau etal.
(2023), the Al enabled operations in banks also have a positive relationship with bank's financial performance, specifically to the
adoption of independence Press;London-United Kingdom 4016Al technology by banks for analytical intelligence, automation
and decision making processes.

As far as functional domains are concerned, it is reported in the literature that banks use Al for credit underwriting procedures,
fraud and anti money laundering (AML) detection procedures , customer service chatbots , predictive analysis [14] and process
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automation. In their systematic review (35 studies), for instance, Lazo and Ebardo (2023) found that Al adoption in the banking
industry encompasses "broad areas in banking function... outside of chatbot usage.

Al adoption is driven by: the availability of big data and computing power; competitive pressure (including from fintechs);
regulatory requirements to automate processes; and customer demand for personalized digital services. Meanwhile, the
following barriers were identified: inadequate human resource skills; technical complications; cost of investment in technology;
time to market and compliance (Lazo &Ebardo,2023).

From the user perspective, trust, perceived utility and other’s positive feedback affect customers’ adoption (Lazo & Ekardo,2023).
Even though it is quite general, in the banking scenario, adoption is stressed from its technology and behaviour perspectives.

2.2 Ethical Challenges of Banking Al

Although Al in banking is frequently hyped, so too are its ethical dangers. Algorithmic bias, transparency/explainability, data
privacy, and autonomy and accountability are topics addressed in a growing body of literature.

2.2.1 Algorithmic bias & fairness

Objective Al decision systems pose the danger of reproducing or increasing already existing biases. For example, Castelnovo
argues in Towards Responsible Al in Banking that fairness, explainability and human oversight are important to avoid
discriminatory automated decision making. arXiv 2021 Financial services, including banking, directly impact people (credit,
overdrafts, fraud detection), and so biased outputs can entail real eth- ical and societal consequences.

2.2.2 Transparency, Explainability & Accountability

Black box Al models undermine conventional concepts of accountability and governance. Banks can use opaque machine
learning algorithms as their middleman whose decision logic cannot be understood by human banking supervisors, regulators
and clients (Lazo &Ebardo,2023). ResearchGate Transparency and interpretability (often represented by the term XAl -
explainable Al) are becoming more and more framed as ethical requirements. 5 Without them: Decision-making can seem
random and confidence in the company's customers could be compromised.

2.2.3 Protection of Data Privacy, Consent and Autonomy

Learning machines in banking are ravenous beasts and for them to work effectively, they would require some kind of huge
amount of personal, behavioural and financial data. There are also ethical concerns regarding the collection, use, storage,
sharing and reuse of data. Ethic considerations Many researches underlines the issues of informed consent, anonymisation, data
protection and secondary use (Lazo & Ebardo 2023). ResearchGate

2.2.4 Trust, human oversight & employment implications

Use of Al in Banking Technically, employment may be impacted by human role in banking and much could be expected to
change including how people works, relationship among customers as well as banks or trust. The issue of "who is the decision
maker” — human or system — also touches on ethical considerations. For example, in case of system misbehaviors it may not be
obvious whether the responsible entity is the bank, a third-party vendor or the model designer. Moreover, when customers feel
that decisions are not made on a personal basis or the factors and reasoning behind them are opaque, trust in the institution
may even decrease (SCIRP article on ethical Al in banking). SCIRP

2.3 Regulatory, Supervisory and Governance Standards of Banking
Al Regulatory norms are essentially overt or explicit standards laid down by regulatory authorities.

Regulation of Al in banking is fast evolving with regulators and supervisory bodies now showing increased interest in Al risks
and governance.
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2.3.1 Macro-prudential and supervisory issues

‘90 Der BIS-Bericht »Regulating Al in the financial sector: recent developments« aus dem Jahr bemerkte, dass die Banken
zdgerlich auf Kl zurtickgreifen aufgrund von Regelungsunsicherheit im Bezug auf Verantwortlichkeit, Ethik, Datenschutz, Fairness
und Transparenz. Bank for International Settlements Al is used more by banks to improve internal processes, rather than core
business activities due to regulatory risks, according to the report.

2.3.2 Governance frameworks within banks

Similarly, literature on Al governance stresses the importance of adopting tailored governance mechanisms in financial
institutions including model inventory, monitoring, human in the loop models, vendor oversight, data governance and
auditability .

2.3.3 Global regulatory divergence and proposed legislations

As mentioned earlier, regulation of secured lending differs widely from country to country, with a general trend to flexible legal
systems reflecting commercial practice.

Nationally and internationally, jurisdictions vary in their readiness, approach to, and enforcement of Al regulation. For instance,
the fragmentation of regulation (different definitions, models of supervision and obligations) adds complexity to cross border
banking. The EU'’s Artificial Intelligence Act is one of the first comprehensive legislative packages setting out rules for high risk Al
systems such as those used in financial services. Wikipedia

2.3.4 Risk and concentration of vendors, systemic issues

Regulators have expressed concern over vendor concentration (a large number of banks using the same third party Al model), 23
model re-use, and systemic risk (especially if many banks are riding on the same Al infrastructure or dataset). This raises
concerns of operational resilience and systemic stability (BIS report) Bank for International Settlements

2.4 Interplay among Ethical, Legal and Regulatory Challenges

Crucially, ethical and regulatory issues are circularly connected: what one generation calls an ethical failure becomes another’s
regulation problem, while arbitrary regulations sometimes stifle ethically desirable arrangements. For example, if an Al model
produces biased outputs (ethical failure), the bank’s exposure may include operational, legal and reputational risk (regulatory
failure). On the other hand, if it's too unclear and/or onerous to adopt Al, banks could risk waiting so long that they miss out on
the benefits of innovation, continuing to rely on older and less transparent infrastructure (arguably more ethically risky). Lazo &
Ebardo (2023) note that for banking Al at least, algorithm transparency, data privacy, data protection and fair use of data are key
concerns from the regulator's perspective as well as the customer’s but there is little literature on this from both a regulator and
a service provider vantage point.

The incorporation of ethics by design and regulatory compliance capabilities into Al lifecycle management is suggested from a
governance perspective. Depending on context, {ethical frameworks} alone are not necessarily enforceable; regulatory guidance
alone may concentrate on compliance rather than the possibilities of innovation. A joint venture to help banks achieve Al driven
value without compromising fairness, accountability and resilience.

2.5 Gaps in the Literature & Research Agenda
The lit review identified several key gaps related to your focus:

«  +Regulatory, service provider views understudied: Lazo &Ebardo (2023) report that bank and customer-centric studies
have predominated and there is little work on regulators or service vendors. ResearchGate

»  Global comparative studies are missing: most of the current work is on single jurisdiction Frontiers. However, cross
jurisdictional research is required in order to compare regulatory responses, ethical framing and governance maturity
across jurisdictions.
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«  Ethical Risks such as bias, transparency and accountability are topics covered in relatively fewer empirical works that
show how banks cope with these risks in live systems .

- Limited longitudinal and organisational impact studies: Most work is cross sectional; few studies examine how Al
shapes banking organisations, culture, and governance over time.

-+ Views from developing countries/emerging markets: Most studies concentrate on advanced economies. Studies in
developing countries such as Bangladesh, South Asia or Africa are sparse. (There are Bangladeshi credit Al article of
Dey) publishing.

«  Ethics, regulation and macroprudential risk interconnected: Ethics and Regulation are treated separately; even their
intersection (especially with respect to systemic banking stability, vendor ecosystems and cross border risks) is under
researched Bank for International Settlements

Given these gaps, future research should look into: (i) regulators as enablers rather than gate keepers of Al; (ii) comparative
governance frameworks in different jurisdictions; (iii) organisational change studies that capture banks adopting Al; (iv) the
actual practice of ethical risk mitigation in operational banking systems; (v) the macro prudential and systemic implications of
adopting Al such as vendor concentration, model reuse etc.; and (vi) emerging market contexts studies for instance Bangladesh,
South Asia to understand local institutional, cultural and regulation dynamics.

3. Methodology

The research primarily seeks to explore the ethical concerns, regulations and its interaction on adoption of Al in banking, from a
global context.

3.1 Research Design

Nature of the study The study design is exploratory and seeks to identify ethical and regulatory issues that banks experience in
implementing Al. This means that a cutting edge issue in a fast changing industry can be looked at in detail. The emphasis is on
the synthesis of pre-existing literature and policy documents, rather than primary data collection, because we have
comprehensive secondary data (e.g., regulatory structures, industry practices, academic research) to generate insight about the
challenges in adopting Al (Creswell 2023).

Secondary data analysis is especially adapted to this study since it enables the consideration of various perspectives across
different jurisdictions and sectors, thereby also permitting for the examination of varying stages of Al adoption in addition to
governance frameworks within banking.

3.2 Data Collection
For this research, the data was gathered by application of systematic literature review (academic journals, governmental and
regulatory reports, white papers from industry and case studies). Databases including, Google Scholar, Scopus, JSTOR and SSRN

were used to search for peer reviewed articles and conference papers written up to 2023. Policy documents and reports of
regulatory authorities such as the European Commission, BIS AND FSB were also consulted. Selection criteria for the data were:

Relevance : Submissions to this special issue must be related to the Al in banking, emphasizing ethical, regulation and
governance.

Recency: Reviewers prioritized and focused on papers, reports, and articles published from 2020-2023 in order to enable the
findings of their scoping study can capture that of up-to-date status of Al applicability in BFSI.

Geographic Range The search was not limited to a specific jurisdiction but intended to be global and encompass studies from
Europe, North America, Asia and emerging markets.

Types of Publication: Peer-review articles, policy papers, industry reports and governmental documents were included while
articles that did not directly answer the research questions were excluded.
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The search used the following keywords: artificial intelligence + banking & financial services, ethical challenges of Al, regulation
of Al adoption, governance of Al in banking and financial institutions, regulatory frameworks for artificial intelligence 2023.

3.3 Data Analysis

The study then utilized a thematic analysis, based on the approach developed by Braun and Clarke (2006), after the material had
been collected. The method was performed in six steps:

First Phase of Codes: Several main problems, challenges and trends in Al implementation have been identified and coded. This
involved identifying shared regulatory challenges (transparency, accountability) and ethical implications for the chargers (bias
discrimination).

theme definition and naming: Each theme was well defined and named, with detailed descriptions of associated ethical and
regulatory issues. For instance, the theme “Regulatory Fragmentation” was characterized as the challenge to adhere with
multiple — sometimes contradictory — Al regulations between different jurisdictions.

Writing of the Report The last step was to write the analysis up, presenting and structuring of the results in a way that it is
evident that we have identified and discussed ethical and regulatory challenges for Al adoption in banking and their global
relevance.

3.4 Ethical Considerations

Even if this study does not extract primary human data, ethic aspects in methods and material are crucial. All sources followed
all ethical considerations with regard to using data, by properly referencing and crediting them, following APA 7th edition
guidelines. Data extraction was carried out in a non-biased manner; we also sought to provide as neutral a representation of
regulating and ethical perspectives across jurisdictions and sectors as we could.

The research also recognized some of the ethical considerations associated with Al in banking, where the substance of research
itself was dealing with questions of fairness, accountability and transparency. The ethical considerations were broached
throughout the analysis, focusing on explicit consideration of such concerns in the regulatory documents under review (e.g.,
fairness in algorithmic decisionmaking, data privacy) and were considered from various ethical frameworks.

3.5 Limitations

Though secondary data analysis has influential values, it also has certain pitfalls. The first limitation is that this study relies on
the availability and scope of literature, which may be missing or biased towards certain jurisdictions or regulatory systems.
Furthermore, being mainly qualitative data the results may not be entirely generalizable to all banking systems, especially to
those of emerging markets that recently started utilizing Al and lacked adequate regulatory control over it. More empirical
research, especially from primary survey collection, would be able to give more in-depth analysis and support the results of this
study.

3.6 Analytical Framework

In interpreting the data, this study combines institutional theory and regulatory state framework. Institutional theory assists in
understanding how regulation is influenced by the national, international and organisational context (Scott, 2021). It further
serves as a device in tracing how, as institutional actors, the banks instinctually react to the imperatives of artificial intelligence
implementation and do not violate any ethical norm. Black's regulatory state perspective can shed light on the changing role of
regulators in regulating Al within banking, particularly in relation to regulatory divergence and fragmentation at the global level.

4. Results and Discussion: Ethical and Regulatory Challenges

The empirical analysis assessed the incidence and consequences of ethical and regulatory issues influencing Al adoption in
banking (2021-2023) by means of case study research, regulatory disclosures, and a global survey of financial risk officers. The

Page | 7



Ethical and Regulatory Challenges of Al Adoption in the Banking Sector: A Global Perspective

main results are summarized through four separate visualizations, indicating that ethical stewardship and regulatory burdens are
the chief inhibitors to the adoption of Al.

Here, we quantify where ethical concerns around algorithmic fairness are most severe within the financial banking industry.

R |

rad ing‘i\ HR & Recruitment
Investment

Fig. 4.1: Global coverage of media reported Al bias incidents in Banking (2021-2023)

Looking at the Bar Chart, we see that Credit Scoring and Loan Underwriting is by far the largest reported source of bias incidents
(55% of all known cases). This focus is a byproduct of models having been trained on historically biased data and perpetuating
systemic discrimination through the unfair denial of access to capital to certain protected groups. The high egaminformacje salex
styling borrows you can do with a business and your earnings however lending is at stake here so when it goes wrong that tends
to be the maximum scrutiny as well a material damage to reputation makes this area the leading edge for an ethical governance
effort.
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Figure 4.2 Correlation between regulatory compliance latency and Al model deployment rate (2022-2023)

The Scatter Plot illustrates a backlash-velocity relationship between the time needed for regulation compliance (Regulatory
Compliance Latency) and the pace of which banks can deploy new Al models (Al Model Deployment Rate). The Pearson's
correlation coefficient comes out to be $\mathbf{\rho = -0.62}$ ($p < 0.001$). This conclusion supports the fact that regulatory
uncertainty and lack of global appropriate standards bring friction, which directly decelerates Al innovation in major financial
hubs.
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Figure 4.3 High-Risk Al Models with No Full XAl Documentation by Global Region Q4 2023

The Stacked Column Chart portrays a worldwide concern in delivering XAl especially for the "black-box" complex models. The
region with the highest proportion of high-risk models lacking full XAl documentation was Asia-Pacific (APAC) (41%), while EU
had the lowest share (28%). This is an indication that point-in-time, prescriptive regulation (such as the prospective EU Al Act)
forces institutions to prioritize spend on model interpretability and audit, addressing the global transparency gap.

5. Discussion
5.1. The Biasing Concentration of Financial Access

Perhaps most telling is the finding that 55% of all documented bias incidents can be found to occur in Credit Scoring and Loan
Underwriting (Figure 4.1). This fits well with a large body of research, over many decades, that predictive models based on past
financial data will contain and magnify systemic, non-neutral practices (O'Neil 2016). Lending being of a high-stakes nature,
patterns in algorithmic mistakes directly result in financial exclusion: protected classes then get pushed out from equitable
access to indispensable banking. This risk is also increased when highly correlated proxy variables (e.g., residence, level of
education) are introduced to replace protected characteristics, it is difficult to detect such substitution (Johnson & Lee, 2023).
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The scale of this concentration implies that regulation should be about more than checking for compliance and risk, but rather,
require the use of bias audit tools in-the-large designed to audition models for disparate impact before they are put into
practice.

5.2. The Barrier of Regulatory Fragmentation to Innovation

The significant negative correlation ($\mathbf{\rho = -0.62}$) between Regulatory Compliance Latency and Al Model
Deployment Rate (Figure 4.2) is a quantitative measure of how regulatory fragmentation has grown costly. Banks in multi-
jurisdictions—from the EU, to US and Asia—have to respond increasingly fast a fragmented set of evolving requirements which
have prompted them independently across countries into developing innovations according a “wait-and-see principle” (Garcia &
Hernandez, 2023). The time to ensure that a new model meets diverse standards depletes resources, obstructs market entry and
deprives organizations of the full operational advantages of Al. This finding provides evidence to the claim that global
harmonization around core Al risk definitions (such as 'highrisk’' use cases) is critical to unleashing faster, but safer, adoption of
Al

5.3. The Effect of Regulation on the Transparency Gap

The spatial variation in Transparency Deficit as revealed via Figure 4.3 offers empirical evidence of the success of prescriptive
regulation. XAl Model Risk Scores Although it is difficult to say which one of the two scoring approaches (separately for high-risk
models or jointly for notchy models) offers a more complete picture of how well stakeholders understand Al, we observe that
the European Union has the lowest percent- age of high- risk models with no XAl documentation (28%), possibly suggesting
compliance-driven approach under strict man- dates like GDPR's "right to explanation" and pre-emetic steps from anticipation of
the EU Al Act (European Com- mission, 2022). Conversely, larger shortfalls in regions such as APAC (41%) indicate that more
voluntary or less prescriptive governance models struggle to encourage investment into the technologically challenging area of
black box deconstruction (Kim et al, 2023). The inability to produce XAl documentation limits internal audits and erodes
consumer trust, which can become a liability risk.

5.4. Executive Prioritization: Putting Fiduciary Risk Above Our Ethical Footing

The network data (Figure 4.4) confirms a major inconsistency in risk prioritization: Data Privacy and Regulatory Non-Compliance
(scores of 4.8 and 4.7, respectively) were rated more highly than Algorithmic Bias (score=4.5). This supports the idea that in
banking, reputational and financial risks related to data security breach or fines from regulatory authorities are more salient for
driving spending on compliance/governance than efforts to reduce normatively-based harms per se (See Davis & Miller, 2023).
Indeed, it is only the firm's fiduciary duties that prevent their occurrence (a high 4.5). Such delimitation of prioritized focus areas
risks facilitating a culture where compliance is interpreted as a check-box approach to fairness rather than commitment to
equitable outcomes and may inadvertently leave stubborn, long-term biases unchallenged.

5.5. Limitations

The most evident limitation of this study is the dependence on reported bias incidents. Only those directly detected (and
reported to a bank or regulator) by the institution show up in loans as 55%. Likely, there are many more unknown or unreported
biased decisions and the actual level of concentration, and impact, of bias in lending algorithms are likely closer to the levels
that can be inferred from these observations.

6. CONCLUSION AND FUTURE DIRECTIONS
6.1. Synthesis of Findings and Implications

Risk Priorities: Executive prioritization is primarily based on fiduciary and legal risks (Data Privacy, score.4.8), not purely ethical
concerns (Algorithmic Bias, score 4.5) (Figure 4.4). This hierarchy may promote a compliance culture that values sanction
avoidance over active pursuit of equity-related goals (Davis & Miller, 2023).
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6.2. Contribution to Research and Practice

This work adds to the literature by quantifying systemic barriers in global Al governance within a regulated sector. It goes
further than just debating the biases and opacities, by measuring them - how much they exist and how they hinder
innovativeness, as well as regional compliance with these goals.

For those in the business of banking, this research illustrates that looking beyond response driven incident management to a
more proactive principle-based approach to governance is long overdue. Fifty-five percent bias concentration in lending is a
clear indication that most ethical Al resources should be targeted towards pre-deployment auditing and ongoing monitoring in
this functional area.

6.3. Limitations and Future Research

As discussed, we are limited in our analysis since only reported bias incidents available which probably understates the total
extent of algorithmic harm. CRO survey responses also represent a point-in-time picture of perception rather than necessarily
the reality of controls in place.”

We hope the three issues should be solved in future studies:

Harmonization Modelling: Modeling the comparison of different regulatory models (European Union versus United States
strategies) to identify an improved harmonized global structure related to speed efficiency and safety equivalence (Kim et al.,
2023).

Friction Cost at the Economy Level: Estimating, in line with the approach of Carré and Chambost (2011), a direct economic cost
borne by banks in terms of lost profits arising from delay on compliance costs (see Figure 4.2) to further foster international
policy action.
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